20194 11 f N A1 =S %50 % 5 11

doi:10.6041/j. issn. 1000-1298.2019. 11. 041
BT 5 i FE FFE R E K RIR A 77 iR

A R ket A o kAR HEHA
(L. H AR A% T4 B P 5 2100315 2. Ml AR 6 5 A M BLW A B , 5 210014)

TR S K P BRAEA 2 IR B, ARG PI BRS04, R R 06 B R 2 0T T K R TE R A D T R AL
I A B AR A B T 2, R IUORE AR B AR AR AR S B, AR U 2 i) 3k 0 AR AR B 200 1 R AR 5 RIS AR AE S 8, 4
9 7 DE B R PRI A P (9 S 1AL (SVM) AT BP o 28 I 45 45 28 TR IR IR | 9 3R T 98 9 5 ot A R0 i kA
BRI o 5 SR W], 5L TR0 R AR 2 B0 S A P 2 I 4% 4 2 TR R TR B A e A0 B 4 28 TR RO TE B TR R Gk
98. 8% ; Bk TR AE 3 A 7 119 M 2 I 2% 43 2R PUIIASERY A R BCR IR 2, IE B U 2 96. 4% 5 T 3k T 4 i T
1A S A ] R AL R AR R o S P RO I 25 IE A RN 38 AT 84. 5% o Uk ISR FH R0 63 £ R mf UK K A 1A 3
A7 DR T A 2500 e AR i

XEER: HKA G FGHE; SEARE ; CRrm AL BP g W 4

HE4 RS TP391. 44; 0433.4 STHRARIZAD : A T EHS: 1000-1298(2019)11-0367-06

Identification of Water Injection Meat Based on Hyperspectral
Technique and Spectrum Characteristics
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Abstract; To quickly and effectively identify water injection meat, the spectral characteristics of water
injection and normal meat were analyzed through the hyperspectral analysis technology. The spectrum
characteristic parameters of every sample were obtained by using the Fourier transform and statistical
calculation. Then the support vector machine (SVM) and neural network ( BP) classification models
were developed based on the full spectrum, characteristic spectrum and spectrum characteristic
parameter, respectively. Finally, the two models were validated by an independent validation set and
three indicators such as product’s accuracy (PA), user’s accuracy (UA) and overall accuracy (OA)
were used to test the model performance. The results showed that the neural network classification
recognition model based on spectrum characteristic parameters had optimal classification recognition rate
for water injection pork, with the correct recognition rate of 98. 8% . The neural network classification
and recognition model based on the characteristic spectrum had the second best recognition, with the
correct recognition rate of 96. 4% . The classification recognition model of SVM based on full spectrum
had the worst classification and recognition for water injection pork, and its correct recognition rate was
only 84.5% . These results suggest that hyperspectral technique can be used for rapid and effective
detection and identification of watered-down pork.
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Tab.1 Parameters of high spectral image
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Fig. 1  Extraction of ROI from original pork samples
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Fig.2 Schematic of support vector machine network structure
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Tab.3 Set of features of sample
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Tab.5 BP model recognition results
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