201344 f | A R A= £ 44 % 5 4 W

doi:10.6041/j. issn. 1000-1298.2013. 04. 032

HEXNRHNE T HRLZEELRMTEZRAR

weaE' £ OF°

(1. WL 22 2 e 2 55 S AL & A e 5 B, HLJH 3100185 2. #i VLA A i JB% -5 7 B H R DL BT BT, M 310029)

FE: FIA VHR SR F 6 193 28 1015 B0 VHR 2R AR LR BT 58 B B2 o 2 RUBE 43 145 21 i 0 4
OB PR TR 1] X 4 B 2 78 B R AL KR (MAD) J5 i BIF 5T A9 21 1 ) % 48 9 8 ALK I (OB-DFPS) i1 5 K 4% %
93.2% ,Kappa F %L 0. 862, F L 5t f4 ] 6] {8 T 14 22 52 5% A% 0 1 EAT XoF bE , HO 820 A 45 20 1T 1o X 5% 4 4% A A6 T 7
S R O DA

REW: WORBIEREG Wxg ZEREEN

hE 45 ES: TPTS XHERFRIRAG: A X E4HS ; 1000-1298(2013)04-0184-06

Object-oriented Change Detection Method Using Very
High Spatial Resolution Imagery
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Abstract; Remote sensed imagery with very high resolution ( VHR ) contains substantial spatial
information. Multi-scale segmentation algorithm was usded to construct the hierarchical system of objects.
The relationships between all features, such as spectral, texture, topography and shape, were analyzed
based on canonical correlation analysis (CCA). A difference image was developed by using multivariate
alteration detection technology ( MAD ). The propsed object-oriented double-windows flexible pace

searching ( OB-DFPS) method achieved accuracy of 93.2% , with Kappa coefficiant of 0.862. After

compared with traditional pixel-based method, the proposed OB-DFPS method was more robust.
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Fig.2  Flow chart of object-based change detection
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Fig.3  Object-based segmentation of imagery
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Tab.1 Accuracy of change detection based on

different features
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Fig.4 Results of different change detection methods
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Fig.5 Detail information of change detection

results using different methods
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