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Abstract

With the demanding of morphological features recognition in picking robot machine-vision system,

preference artificial immune net (aiNet) was used as the image recognition algorithm, mainly modified

the structure of the algorithm to promote the accuracy rate. The algorithm was modified according to

picking environment and real-time require. The simulation proved the clustering accuracy of preference

aiNet reached to 81. 67% in the sunny day and 87.69% in the cloudy day. The modified algorithm has

certain meaning in the next research of picking robot.
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Fig.1 Gray histogram of fruit and petal
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Fig.2  Origin figure and processed figure by gray-threshold
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Fig.3 Flowchart of camellia fruit identification
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Tab.1 Shapes parameters in image
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